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(c) Identity mixing

B 1 g2 ID IR, Bk PhotoMaker RERSAESAUE I fERF RIS R A LI AL 1D B
FMP I EA MBS RO B ARGy ID fF R, BReE GEH I NG 1. PhotoMaker i 303 2 MR I, 1
s (a) EEEtE, (b) FFERMERMBERA PR AYATABSE, 5 (o) MTHHIRE.

Abstract WA MR Ry R R R R o ik R s AR, ALY

F1r (ID) thRAEAZF L REHRN. ERATIE

R, UARERBGHARIAGT 25 ERE, 9 P FA42H T PhotoMaker, —i 2 2kag/A bt A
RIBL LG LART SRR ARSI R, IR A Ao k. B ERE R B F A 1D 49 5%

* Interns in ARC Lab, Tencent PCG T Corresponding au- 76}&%% ID ﬁ?“)\’ }&‘ﬂ] ﬁﬁ@gf%‘%’ ID ”f:%‘/\é-l;o Qﬂ:ﬁ")\
thors 1€ A % —uy 1D %&TJ”“; I41ﬁ€é\@i&§*%#aﬂ%)\ 1D


https://photo-maker.github.io/

WL, TR R TR ID a9 e, 12T 5 ey b,
XA R LI ANRE LA EFLY 2R ARET T Ak
9, A T AR PhotoMaker #4994, &£A142 8 T
—frde ID a9 B A, A FTaEI4RE. &
X —IRAZ MR B R0 ZFF T, 44189 PhotoMaker
FI g T A TOmR e R B ik Bk ID ARAE
FIETARET &0 BRI, M Ea9 2 MR, R K
BZACRE AR T 2 R A o

1. Introduction
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2. Related work
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3. Method
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3.3. ID-Oriented Human Data Construction
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4. Experiments

4.1. Setup
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IARA, FAVREE SDXL i 5 IR AN SCA i 2
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KA 1-4 3K 524710 Hix ID BB AHE ID /) EBRIE L
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PERE, BATA 10% HIRRAFRAE ) 25 SCA I AR G
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A A TR RS B ORI 2 AR . S LIRS, 34T
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o5 AR B s S S 7 B R 40 5 00 9R] (B man
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B 3. wPkbbis. TATEFRATN TS DreamBooth [49]. Textual Inversion [14], FastComposer [62] Fll IPAdapter [63] #47
FBE, A AR IR S A s . SRATIERR], RATH il E e S s R A A AL, R T SR AN SR K &
I RERE.

CLIP-T1 (%) CLIP-It (%) DINO?T (%) Face Sim.7 (%) Face Div.t (%) FID| Speedl| (s)

DreamBooth [49] 29.8 62.8 39.8 49.8 49.1 374.5 1284
Textual Inversion [14] 24.0 70.9 39.3 54.3 59.3 363.5 2400
FastComposer [62] 28.7 66.8 40.2 61.0 45.4 375.1 8
IPAdapter [63] 25.1 71.2 46.2 67.1 52.4 375.2 12
PhotoMaker (Ours) 26.1 73.6 51.5 61.8 57.7 370.3 10

# 1okt bedg . T EEI R IR bR R R B ID (5 B iohE s (A, CLIP-I. DINO RIEFSA{EIEL ) . SCA—Edk: (A, CLIP-T).
AR Z R (B, TR AR A (B, FID). #bAh, FA1E SCMEAEBENTER A ID 456l 5 3R 155 &k
PG TR I . FATFE SRS NVIDIA Tesla V100 GPU B &AL ] o e tEE R DU R, 55 4 AP RIZ&
i

Fig. 10-11 R T 3X— ). Jr. WTAE, fEA ARG T, AT PhotoMaker
N =2 v %, UYELS I a7 H
RUREAE Fig. 641, FolER 7RI B R DT TR LD BRI, SEH ORI A f
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A man coding in front

of a computer

A man piloting a
spaceship

A girl wearing a
Christmas hat

(b)
Bl 4. A8 (a) SARTEMMIHE, B (b) SESAERy RPN LT . oA TRENSKF T 2209 A\l [l B S AR Y8 s ek AL ID 1y
AEESANER . X T, 415 DreamBooth F1 SDXL #i4 T SCAMINR A photo of , photo-realistic, AHRH, FEATKF

R SCAS R R AN B SO 44 NAFR . X2 A, BATRZEBEEHN <class word> <name>, (at the age of 12)

References DreamBooth SDXL PhotoMaker (Ours)

K 5. Lrfyiay. FATREM A MUEAH ID WG, [Ffr
B A B YEHE . FAT R SDXL s THRII <original
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Category | Prompt

General a photo of a <class word>

a <class word> wearing a Superman outfit
a <class word> wearing a spacesuit
Clothing | a <class word> wearing a red sweater

a <class word> wearing a purple wizard out-
fit

a <class word> wearing a blue hoodie

a <class word> wearing headphones

a <class word> with red hair

a <class word> wearing headphones with red
hair

a <class word> wearing a Christmas hat
Accessory

a <class word> wearing sunglasses

a <class word> wearing sunglasses and neck-

lace
a <class word> wearing a blue cap
a <class word> wearing a doctoral cap

a <class word> with white hair, wearing

glasses

a <class word> in a helmet and vest riding a
motorcycle

a <class word> holding a bottle of red wine
a <class word> driving a bus in the desert
a <class word> playing basketball

Action . -
a <class word> playing the violin

a <class word> piloting a spaceship
a <class word> riding a horse

a <class word> coding in front of a computer

a <class word> playing the guitar

Category Prompt
a <class word> laughing on the lawn
a <class word> frowning at the camera
a <class word> happily smiling, looking at
Expression the camera.
a <class word> crying disappointedly, with
tears flowing
a <class word> wearing sunglasses
a <class word> playing the guitar in the view
of left side
a <class word> holding a bottle of red wine,
upper body
a <class word> wearing sunglasses and neck-
lace, close-up, in the view of right side
a <class word> riding a horse, in the view of
View the top
a <class word> wearing a doctoral cap, upper
body, with the left side of the face facing the
camera
a <class word> crying disappointedly, with
tears flowing, with left side of the face facing
the camera
a <class word> sitting in front of the camera,
with a beautiful purple sunset at the beach in
the background
a <class word> swimming in the pool
Background a <class word> climbing a mountain
a <class word> skiing on the snowy mountain
a <class word> in the snow
a <class word> in space wearing a spacesuit

(a)

(b)
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C. More Ablations

P S iR AT LB X SR G, FRATAY TR AT A
A e 7 i A PR 4 T B Oy PR 1 2y B B iS4
RO ik (18, 23] KPR AHF B X Aoy,
AT AT A Sl A JSC )T 4 4735 o A B O AU, BE
AT PABE R AR ) By S AR E A Sy, R
A DA B % B . Fig. 10JoR 1 FAT 1 i 4 i
NG AN [ B 473 EE B R 5 3 By i A S T



80% Obama 20% Obama
20% Biden 50% 80% Biden

A man wearing a red sweater

80% Obama 20% Obama
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A woman happily smiling, looking at the camera
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A woman wearing sunglasses

B 11, SCA ML BT ID ZERiigmi . 55 —1T/E/R T Barack Obama il Joe Biden [{RA . MZEIA Y5 —4T 3R B WL T
¥ Barack Obama 1 ID EZx AL E . 5 _f7E/R T Elsa (GH+J2) 1 Anne Hathaway [)iE& . Elsa A EZEHENN.



EAFRA , AT S A A 10 5KRIEE
e A FATAT AWLEE ZAE X A~ B 003 2 18] 9 -F- 3
B XA AT RORER R4 R AR . 3
IR, FRATI I A A AR B By 7 DU K P AR EEA T SO
o SR EIRTE Fig. 11, AT 540E B A
K BB ) B LA— D RBL, R FE R S A
BB Oy R R . S P A A R B T
AL, PRIRIIA G 25D IR SRR AN [ B 173 114
GBI, Son THAGER AT . BEAh, X PR
AN [ B R B BB 7 iR s T BRAT 5 YA 1) R

D. Stylization Results
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E. More Visual Results
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F. Limitations
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G. Broader Impact

LA, FAR TR, A
PRI FT B G, RN 1 A A oL
HHE. UL, e TA 7 iEE R Rt . R T
R 2 RPN EL I I T

TR, T8I I A R gt
THRA JIROEENE. TR0 A G H R T DA R %
PEILRORRSE , W RIS . BRI, BT
T S8 FLECAT B2 A R T 0 T ML S R
HEEHL,

TESEE TR, FAT R AR T80 0 B
Pl BT AT A SOOASN  HE 0 £
T He K R CGL THE. BRI h oA R
BRI, BRI E T PR R S RS E D
BT TR AL R, (PR, (LT
HEFT DA F 1Y PhotoMaker He i i 141 © 140
F

ORI, TR A s (L A K PR 1 4
B T, BRI I T T R 4 SR A
B B MR 4 (0 T S DA T 4 5 .
LI, TR TRTF 527 SN, (30
TR TR, Fell17 BRI TR R 2
ST FHLILAE b A A B R A0 % 4 P B T A
i S



A sketch of a A <class> ina A <class> in Ghibli A painting of a <class>, A Ukiyo-e painting
<class> comic book animation style in Van Gogh style of a <class>

References

12, A1 PhotoMaker JiIkfEA A S 3 FIA I SCA R WA IS ALE AL . FATHY )7 ZR] ATCAE L EE A2 51 2 i XL
A%, TG 1A S SR . A7 <class> FORERRIET BN man 5 woman,



A photo of Mira Murati A photo of OpenAI CTO

A photo of chief scientist in
OpenAL
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A man wearing sunglasses

Pl 16. 5 REINIE R i AN P IS af AL SR o FRATRO IR AT AR s B B PR . FRATT A SCARBERILAM IR — 1 114



References Dreambooth FastComposer PhotoMaker (Ours)

i~

A woman wearing sunglasses
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A man in space wearing a spacesuit
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A woman with white hair,
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A man wearing headphones

References A man wearing a doctoral cap A man wearing a Christmas cap with red hair

A man wearing headphones A man in space wearing a
with red hair spacesuit

I\ 7‘ {t W \ ) |

A woman wearing a red A woman wearing a blue
sweater hoodie cap

woman in wearing a A woman wearing headphones
spacesuit with red hair

A woman in wearing a
spacesuit

A woman wearing a red
sweater

19, LT SRR TSR . PhotoMaker RERSTERT A MY ID G HERFFEA ID AYRRE, RS0t s
FLSCARPERCH A AR - FATT 8RS SCAR B Lt B = 1

12



	. Introduction
	. Related work
	. Method
	. Overview
	. Stacked ID Embedding
	. ID-Oriented Human Data Construction

	. Experiments
	. Setup
	. Applications
	. Ablation study

	. Conclusion
	. Dataset Details
	. User Study
	. More Ablations
	. Stylization Results
	. More Visual Results
	. Limitations
	. Broader Impact

